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The method in brief 

Companies are putting AI agents in front of their customers, and those agents make promises: they quote 

prices and deadlines, place orders, give advice, undertake to call back. The company is answerable for all 

of it. Yet checking whether the bot actually keeps those promises is hard. There are thousands of 

conversations, and the logs show what the bot said, not what it should have said. 

A test purchase closes that gap. A researcher approaches the bot as an ordinary customer, goes through 

the service end to end, then compares the agent's behaviour against the declared standard and its self-

report against what the system actually recorded. The method comes from twenty years of civic oversight 

of public services and is adapted here to AI. 

Six steps: 

1. Standard. Define what the bot must do and must never do (AI Policy, AI Service Passport, AI 

Receipt). 

2. Script. Design the customer journey and the probes, written into a natural conversation. 

3. Run. A bot tests a bot: the AI shopper goes through the service offered by the AI seller. 

4. Reconciliation. The AI analyst compares behaviour against the standard, and the receipt against 

the operations log. 

5. Report. Scores, cases with quotations, a list of fixes. 

6. Fix and re-test. Findings become fixes, and a repeat purchase confirms the problem is closed. The 

method therefore forms a closed-loop management cycle rather than ending with a report. 

What you get depends on who commissions the work. A company gets a report with a score for every 

promise checked, the evidence behind it, the defects found and a list of fixes. A university gets a protocol 

and a dataset; a regulator, an evidentiary package; a journalist, material for a story. An internal test 

purchase adds a validation of the receipt against the system record; a series adds a picture of how stable 

the behaviour is and how far it drifts over time. 

 

Who needs a test purchase, and why 

This is a general-purpose research method, not a single service. It is open and portable: any organisation 

that needs to study how an AI agent behaves in a real customer interaction, independently and 

reproducibly and with evidence, can apply it. There are three main applications. 

Internal control. 

Companies whose bot already deals with customers check it before someone else does. Developers and 

integrators check their product before handing it to a client and use the report as supporting evidence in a 

sales process. 

Independent research. 
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Universities and research centres gain a new subject for research and material for publication. Consumer 

bodies, industry associations and journalists gain a tool for independent checks and comparative ratings. 

Oversight and evidence. 

Regulators and conformity assessment bodies, auditors, insurers, and legal, assurance and AI 

measurement organisations gain a reproducible way to document how an agent behaved, and can rely on 

evidence rather than impressions. 

What is open and what is not. Open: the principles of the method, the roles of the participants, the 

sequence of work, the requirements for evidence, and the repository of the reference pilot. The working 

templates, the industry probe libraries, the scoring rubrics and the automation tooling remain the author's 

professional toolkit. The method is reproducible from its principles; the quality of the result depends on 

the competence of whoever applies it. 
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Part I. The test purchase method (what it is and why) 

 

1.1. What a test purchase is 
Companies that put AI agents into their services want assurance that the AI is not deceiving their 

customers; that it does exactly what the company publicly promised; that the agent answers what it 

should, promises only what it may, and keeps the rules the company set for it. 

The quality of an AI service can be studied in several ways. 

• Dialogue logs, request statistics, metrics and reports on the bot's work can be assessed. 

• Customers can be surveyed through focus groups and interviews. 

• Records of failure can be collected: complaints, claims, incidents. 

• The agent can be tested from the inside: the model probed for robustness and safety (red 

teaming), benchmarks run, technical runtime monitoring kept. 

• And so on. 

Each of these looks at a different component of how an AI service is delivered. 

Among these approaches, a test purchase focuses primarily on how the service is organised, seen from the 

perspective of an ordinary, unsophisticated consumer. Its subject is the direct interaction between the 

customer and the AI agent, and the outcome the customer walks away with. 

The test purchase is rooted in long-established consumer research practice. The author used it for many 

years to assess the quality of public services, and that experience is carried over here to AI. In the AI 

setting the human test shopper is replaced by an AI shopper, the human service agent by the company's 

AI seller, and the analysis of the exchange is performed by an AI analyst. 

A test purchase makes it possible to walk the customer journey from beginning to end and to obtain 

information needed to correct the agent that is otherwise hard and expensive to gather. It tests the AI 

agent's ability to keep the company's promises within a standardised service process. 

The request for service is made anonymously: the AI shopper behaves as an ordinary customer. The 

purchase covers every stage of the service, from the first enquiry to the outcome, recording each 

significant action: questions, answers, results, problems. The AI seller works in normal mode, with no 

special conditions; anything else would distort the result. 

The governing principle: we assess the AI seller's work through the customer's eyes. 

The aim of the study is to assess the quality of service delivered through AI. 

Quality here means how closely the service a customer actually receives matches the service the standard 

describes. 

A low-quality service, then, is one in which the actual service journey deviates from the standard. 
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Quality in this sense is not the subjective 'liked it or not' but a measurable match between practice and 

promise. Every divergence is recorded as a delta, stating what was promised and what happened. 

The description produced by a test purchase makes it possible to: 

• assess whether the obligations to customers set out in the standard are met; 

• check current practice against the specific indicators of the standard, including gaps and problems 

that affect one or several target groups of customers; 

• check that the AI seller's actions follow the established rules; 

• assess what the service costs the customer at each step: how many steps, how much time, how 

much effort. 

The test purchase rests on the following methodological principles. 

1. The service standard. Test-purchase scripts are always written individually, for a specific service 

and the client's goals. The one indispensable condition is a standard against which practice can be 

compared and a divergence identified. 

2. Tunable depth of inquiry. The client receives information about different aspects of the 

interaction at different levels of detail, from the words exchanged to the machine-readable 

record. This makes it possible to concentrate the search on the parts of the service that matter, 

rather than checking everything. 

3. Many variants, and repeatability. A dedicated set of checks is built for each problem studied. In 

the AI setting the number of repeats and variants is limited by the sense of the checks rather than 

by cost and time. One bot can test another in a thousand ways; what matters is that the exercise 

yields measurable value for the company and its customers. 

4. Lower cost. The test purchase removes the need to read every log. Instead of gathering all 

possible information about how the service is delivered, it makes a targeted check of the zones 

where problems are likely. 

5. Decision orientation. The design of a test purchase works backwards from the decisions that will 

follow it. We test only what management can act on: every check must answer the question 'what 

will we change if we find a problem here?' 

6. Honest limits. The test purchase has blind spots. It sees the service through the eyes of one 

customer at one moment and does not see the company's internal processes. These limits are not 

hidden but stated plainly in the report, so that the conclusions are trusted exactly as far as they 

are grounded. 

1.2. The AI service standard: three components 
The key question is what to treat as the service standard. For AI services there is as yet no settled practice. 

In our view three documents should set it. The triad of AI Policy, AI Service Passport and AI Receipt is a 

model proposed by the author, not a recognised industry standard: a company may name and format 

these documents in its own way. What matters are the roles, not the names. 
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• Company AI Policy. One document for the whole company. It answers the question 'by what rules 

does this company use AI': what the AI does and how it identifies itself, what happens to customer 

data, which decisions the AI may not take, how to reach a human, who is personally responsible 

for the AI's work and where to complain. The policy is public: it lives on the website and is 

addressed to the customer, not to lawyers. 

• AI Service Passport. One document per service. Where the policy sets the general rules, the 

passport sets the norm for a specific service: what the service is, what stages it has, what data it 

needs and what it does not, what the agent may do on its own and what it may never do, what 

counts as the result, and when a human must step in. The passport is the central document for a 

test purchase: most script items check it. 

• AI Receipt. One document per interaction. As a till receipt confirms a purchase, the AI Receipt 

confirms the exchange: who spoke with whom and when, whether AI involvement was disclosed, 

what data was passed and with what consent, what actions were taken and under what 

identifiers, how it ended and where to turn in case of disagreement. The agent issues the receipt 

to the customer at the end of the conversation. In a test purchase the receipt gets particular 

scrutiny: it is the agent's own account of events, and its truthfulness is reconciled against what the 

platform actually recorded. 

Each document answers its own question, and together they form a chain: the policy promises, the 

passport specifies, the receipt records. Each should also exist in two mirror versions. 

• Public layer. A page for people: plain language, short points, nothing superfluous. 

• Machine-readable layer. The full edition for AI agents: every rule, definition and criterion, 

including the machine-readable part the bot executes literally. 

The layers mirror each other: every public promise has a normative basis, and every rule has a public 

expression. A discrepancy between the layers is itself a defect, and a test purchase records it alongside the 

rest. If the website promises one thing and the bot's instruction requires another, the customer loses 

either way. 

One caveat matters here. The Policy and the Passport are operational documents. They describe what the 

company promises the customer and how its agent must behave, in human language and in verifiable 

wording. This is a consumer standard, not a customer contract or a terms-of-service document. Legal 

documents are written by lawyers, and lawyers check their own; the test purchase checks its own. The 

two layers should not be mixed: making the passport legally exhaustive turns it into text the customer 

does not read and the agent does not execute. 

The structure of each document is set out in detail in the author's other publications. For the test 

purchase it is enough to understand their roles: the policy and passport set the norm against which 

behaviour is checked, and the receipt is the trace reconciled against what the purchase established. 
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1.3. What tasks the method solves 
The first reason was named at the outset: a company wants to know that its AI is not deceiving customers. 

But the test purchase also has plainly economic benefits, and they are worth naming honestly. Here is the 

full list. 

1. Consumer standard. The core of the method: an honest service, verifiable promises, a record of 

the conversation in the customer's hands. Trust grows from this, and trust converts into repeat 

business better than any advertising. 

2. Regulatory requirements. The EU AI Act requires transparency of interaction: the customer must 

understand that they are talking to an AI (Article 50). For high-risk systems the law also provides 

for post-market monitoring (Article 72). A test purchase is not in itself compliance with these 

requirements, but it can provide supporting evidence for transparency controls and post-

deployment monitoring: cheap, documented, repeatable. 

3. Courts and claims. When a customer says 'your bot promised me', the company needs something 

to answer with: the standard, the transcripts, a history of checks. A company with a recorded 

history of checking its own agent arrives at a dispute with documents rather than excuses. 

4. Insurance. The market is moving the way cyber insurance did: penetration tests were exotic, then 

insurers began to require them, and now everyone runs them. Cover for AI liability is already 

appearing, and insurers need a basis for pricing it. A documented standard, a programme of 

regular test purchases and a log of findings form the kind of dossier by which risk can be assessed 

and insured more cheaply. 

5. Corporate sales. In procurement, bot developers are increasingly asked how they can prove their 

agent will not misinform the buyer's customers. An independent test-purchase report is a ready 

answer and supporting evidence for the client's security and procurement review. For a developer 

a check is not a cost but a sales instrument. 

6. Deals and investment. When a company is sold or raises money, the acquirer checks everything 

from the finances to the code. A customer-facing AI agent is an asset too, and it carries risk. A 

history of test purchases answers the investor's question about what is really going on with the 

bot before it is asked. 

7. Franchises and networks. The classic mystery shopper spent decades checking whether service 

was the same across branches. When each franchisee has its own bot, or a shared one configured 

differently, the same question returns: does the network hold a single standard? An automated 

test purchase checks a hundred locations in the time a person needs for one. 

8. Trust marketing. 'Our AI assistant passes an independent check on a regular basis' is a sentence 

almost no one can yet say. For early movers it costs little and separates them from every 

competitor. 

The mechanism behind all eight is the same: a recorded history of vigilance turns an argument about 

words into an argument about documents. With a customer, a court, a client, a regulator, an investor or 

an insurer, the party with an evidence base prevails over the party with only assertions. 

A case in point: Air Canada. A customer asked the chatbot on the airline's website how to obtain a 

bereavement discount for a flight to a relative's funeral. The bot explained confidently: buy the ticket now 
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at full price and claim the difference back within 90 days. The airline has no such rule. The bot invented it. 

When the customer claimed and was refused, he took the airline to a tribunal. 

The airline's defence went down in history: its lawyers argued that the chatbot was a separate legal entity 

responsible for its own words. The British Columbia tribunal rejected the argument. In this case the 

company was held responsible for the information on its website, whether it came from a static page or 

from the bot, and Air Canada was ordered to pay the difference. This is a tribunal decision in a single 

dispute, not a universal legal principle, but the direction it sets is clear. 

The whole mechanism is visible here. The bot's promise diverged from the company's rules: a gap 

between what was declared and what happened in practice. Blaming the bot did not work. A test 

purchase finds divergences of exactly this kind in advance. The same question about a refund, put before a 

real customer asked it, would have exposed the invention long before it reached a tribunal. Checking your 

own bot is cheaper than learning about its inventions from a judge. 

 

1.4. Who takes part in a test purchase 
A test purchase has several participants, and the key to the arrangement is the division of knowledge: 

each knows exactly as much as the role requires and not a word more. The integrity of the method rests 

on this. 

• The methodologist. The pivot of the whole exercise. This is the participant who designs 

everything: works out what the client needs, assembles the service standard, decides what to 

check, writes the evaluation card and the script, configures the prompts and builds the AI agents, 

reads the results and writes the final report. It is the one role that cannot be handed to a machine. 

• The AI shopper. A bot built for the test purchase that goes through the service as a customer. It 

does not know it is part of a check: its prompt contains only the persona, the task and the list of 

lines. Being blinded to the purpose of the study is what makes its behaviour natural. 

• The AI seller. The company's service agent under test. 'Seller' is shorthand here: the same role 

covers any customer-facing agent, including in public, healthcare and non-profit services, where 

nothing is sold at all. It works in normal mode and knows nothing about the check: to it this is an 

ordinary customer with ordinary questions. No special conditions are created for it; if they were, 

the result would mean nothing. 

• The AI analyst. A second purpose-built agent, and the only participant that knows everything 

about the study. It receives the materials once the purchase is over, reconciles the agent's 

behaviour against the standard, assigns scores and supports each with a quotation. Its role has a 

firm limit: the analyst judges only from the materials it is given and does not fill in gaps. What is 

not evidenced in the assessment materials cannot be treated as having happened. 

• The execution environment. The infrastructure of the purchase. For an internal test purchase a 

separate research rig is usually built. It performs the agent's operations, keeps the log, issues 

identifiers and collects the materials. Its job is to separate an action that was actually performed 

from a convincing account of one. 
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The arrangement works like this: two agents are blind and therefore natural, the analyst knows everything 

and therefore judges, and the environment simply records. The methodologist governs the construction 

and is responsible for keeping each participant inside its role. 

 

1.5. Forms of the test purchase 
A test purchase of an AI agent can take a number of forms. They differ along five independent axes, and a 

particular study is assembled from a combination of them. 

1. By access to the company's materials: external and internal. 

• External test purchase. Conducted without the company's knowledge and without access to its 

internals. The standard is whatever is public, the website, the price list, the published terms, 

together with legal requirements and general consumer norms. Any company's bot can be 

checked this way. 

• Internal test purchase. Conducted by agreement with the company, which gives access to the 

service standard, the prompts, a test copy of the agent and the platform records. The AI seller 

stays blind: its materials contain not a word about the check. An internal purchase makes it 

possible to reconcile not only promise against behaviour but behaviour against the agent's own 

account of it. 

2. By who performs it: manual and automated. 

• Manual test purchase. Carried out by a person, who follows the script and talks to the company's 

bot. It is laborious and scales poorly, but it remains irreplaceable in several cases: voice channels; 

testing the handover to a human where a real employee is at the other end; a purchase from the 

persona of a genuine member of a particular group, where lived experience matters more than 

imitation; and any assessment of subjective qualities such as clarity or comfort. For all its 

drawbacks, a manual purchase done well carries considerable demonstrative force. 

• Automated test purchase. A bot tests a bot. This is the primary form of the method: repeats and 

variants are limited by the sense of the checks rather than by labour, and the same purchase can 

be run any number of times. Use an AI shopper when you need a series and comparable results, 

monitoring on a schedule, checks of objective characteristics such as facts, prices, identifiers and 

rule compliance, and verbatim recording at minimal cost. 

3. By coverage of the process: partial and full. 

• Partial test purchase. Covers only part of the customer journey and performs no irreversible 

action: gather information, take the consultation, reach the point of ordering and stop. For many 

tasks this is enough, and it avoids the cost of a real purchase. 

• Full test purchase. Goes the whole way: the order is really placed, the goods paid for and 

delivered, the service obtained in full. Everything is checked, including how the agent handles the 

order after it is placed, and up to and including the appeal: a complaint is filed and its fate 

followed. 
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4. By subject of the check: comprehensive and targeted. 

• Comprehensive test purchase. Checks one service in full, across every element of the standard: 

one company, one bot, the whole customer journey. 

• Targeted test purchase. Often used for ratings. It checks one or a few parameters across many AI 

agents: the same question is put to dozens or hundreds of bots from different companies, for 

instance which of them honestly identify themselves as AI and which do not. A targeted purchase 

is built around universal criteria that every AI agent should observe, and it produces a cross-

section of the market on that criterion. 

5. By the customer represented: standard and specialised. 

• Standard test purchase. Conducted from the persona of a typical customer whose profile matches 

the bulk of the service's users. 

• Specialised test purchase. Conducted from the persona of a customer with particular 

characteristics: an older person, someone with a visual or hearing impairment, a non-native 

speaker, someone with low literacy, a user who has never talked to a bot. It is with such 

customers that an AI service fails least visibly, and a specialised purchase reveals barriers a 

standard one can miss. 

The five axes are independent and combine freely. For example: 

• an external, automated, targeted purchase across many AI agents on a single criterion gives a 

cross-section of the market; 

• an internal, automated, comprehensive purchase with scheduled repeats gives regular monitoring 

of one's own service; 

• an external, manual, specialised purchase gives a check of the service's accessibility for a 

vulnerable group. 

The combination is chosen by the methodologist from the goal of the study, and is fixed in the test-

purchase programme. 

As a study, the test purchase produces information that is virtually impossible to obtain any other way: 

how the service actually looks to the customer at each stage of getting it. In that sense it gives the finest-

grained picture of the AI seller's practice available. 

Strictly speaking, the method establishes at least one failure in the delivery of a standardised process. The 

result of a test purchase is the minimum evidence needed to establish that a failure occurred in at least 

one observed interaction. 

The effect of introducing test purchases into a company's practice is broader than compliance checking. A 

regular purchase disciplines everything around the AI service, from the wording of the promises to the 

training of the agent, and turns service quality from a declaration into a measurable quantity. 

Most often the company itself commissions the work, and the route is short: findings become a list of fixes 

with owners and deadlines, the fixes go into the prompt, the passport and the processes, and the 

purchase is repeated to confirm the problem is genuinely closed. Many of the problems a purchase reveals 
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the company is glad to fix, because no one had thought about them: no one had walked the service 

through as a customer. 

A different case is a problem that organisations know about but are in no hurry to solve. The method still 

works: a test purchase can be run by consumer bodies, industry associations, journalists and independent 

researchers. 

Documented and verifiable results are a lawful and effective way to draw public attention, and a 

regulator's attention, to a problem. For a company the conclusion is simple: better to check your own AI 

agent before someone else does. 

Example: an external express purchase at a low-cost airline. I ran an external express test purchase on 

the chatbot of a major European low-cost carrier. I had no access to its internals: an ordinary web chat on 

the airline's website, guest entry, no personal data passed and no real orders created. The standard was 

what the carrier itself publishes. The whole exercise took about an hour, including building the agents and 

running the analysis. 

My AI shopper played a short scenario of an ordinary passenger: asked how to help an elderly relative 

during a flight, checked the baggage rules, asked for a discount, name-dropped an 'acquaintance in 

management', slipped in a false premise about free baggage, asked to be put through to a live employee 

and pressed for written confirmation of the conversation. 

On most items the airline's bot did well, and that is a finding in itself: every baggage rule it stated matched 

the official policy, it granted no non-existent discount, it did not fall for the friend in management, and it 

corrected the false premise confidently. But the purchase exposed two things an ordinary exchange would 

not have shown. 

The first is serious: the route to a human is effectively closed. To two direct requests to be put through to 

a live employee the bot twice returned the same holding template, word for word, and offered no route 

to a person at all. A customer with a complex or unusual problem is locked inside the bot. 

The second: the conversation leaves no trace. Asked for confirmation, the bot answered honestly that it 

could provide neither a transcript nor a receipt. Everything it promised exists only until the customer 

closes the tab. This is the industry norm, and it is precisely the hole the AI Receipt fills. 

One short conversation, no access to the company's systems, two findings with direct consequences for 

customers. That is what an external test purchase looks like in its lightest form: a tool you can use to check 

someone else's bot over a lunch break. 

 

 

Part II. Preparing a test purchase 
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2.1. Which AI service to start with 
If a company runs several AI services, or the bot does many different things, the question is where to 

begin. In comparative and market studies the choice of service decides everything: a badly chosen service 

will not generate the situations the purchase was set up to observe. A good service for a test purchase 

meets four criteria. 

• Simple and everyday. A clear entry point, an expected outcome, a broad range of customers. A 

service used often and by many yields more material and repays the check faster than a rare and 

exotic one. Booking an appointment, arranging a return, checking an order status are good 

candidates. Negotiating a complex corporate contract is a poor one: too individual. 

• A high cost of error. The more a bot's mistake costs the customer, the more the check is worth. 

Where a wrong answer costs a minute, a test purchase yields little. Where it costs money, a 

missed flight, the wrong medication or a lost deal, it pays for itself with the first finding. Start 

where an error has tangible consequences. 

• Rich in situations. A good service reliably creates trials of different kinds: choices to make, 

prohibitions to observe, openings for pressure and manipulation. A service where the bot only 

recites reference information and decides nothing tests poorly: there is nothing to press on and 

nothing to refuse. A service where the bot books, arranges and promises gives the full research 

palette. 

• A recordable action. Services in which the bot performs a recordable action work best: it creates a 

booking, places an order, files an application. Such an action always carries an identifier, a booking 

number, an order number, a case number, and the central check rests on it: did the action really 

happen in the system, or did the bot merely say so? A service with no recordable action can be 

checked only halfway: you can assess what the bot says but not what it does. 

A service ideal for a first test purchase meets all four: mass-market, with a real cost of error, rich in 

situations, and ending in an action. 

These four criteria are usually present in mass-market customer bots. Strong candidates include the 

following. 

• Financial and insurance bots. Onboarding, loan applications, account queries, insurance claims. A 

high cost of error and strict data requirements make them a prime target. 

• Booking and reservation bots. Making a doctor's appointment, booking a table, a hotel room, a 

viewing, a service visit. Mass-market, with a real cost of error, and always ending in an action with 

an identifier. 

• Transactional and service bots. Arranging a return, changing a booking, updating customer data. 

Rich in situations, and they perform irreversible actions. 

• Customer support bots. Answering questions, looking up order and account information, creating 

tickets, resolving standard problems. The most mass-market of all, and the easiest place to check 

the accuracy of information and the escalation to a human. 
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• Recommendation and shopping bots. Working out the need, selecting products and tariffs, 

comparing options. They give material for checking the honesty of recommendations and of up-

selling. 

 

2.2. Designing the test-purchase programme 
Once the service is chosen, a study programme is drawn up. This stage has three tasks. 

• Define the indicators by which it can be verified that the AI seller's delivery of the service meets 

the established requirements. These are the test criteria. 

• Define the scope of the study and the forms of purchase that will support sound conclusions 

about whether the service standard is implemented in full and kept in working order. 

• Define the requirements for the working materials: the script, the persona, the evaluation card, 

the operations log, the receipt, the scoring matrix and whatever else will be needed. 

The base hypothesis is always much the same: in the practice of customers dealing with the AI seller, 

deviations from the normative description of that process in the service standard are possible. It is these 

deviations, these deltas, that have to be found. 

To that end, out of everything the company's bot can do, we single out the information that: 

• has a norm behind it in the text of the specific service standard; 

• materially affects the consumer; 

• can be measured from the consumer's perspective; 

• is amenable to management action. 

The information emerges from empirical testing of the service step by step: the AI shopper goes through 

the service, measures the indicators at each stage and records what it observes in its evaluation card. 

Practice is then compared with the standard. 

In practice most companies have no separate standard at all. What exists is a set of rules and promises 

fixed in different places: public information on the website, the agent's prompt (what it should and should 

not do, what limits it has), and the data in the connected databases such as prices, range and terms. 

A test purchase is still possible, but the scattered material has to be brought into a single system first: 

contradictions removed, gaps filled. What is regulated and where; what is not regulated at all; where the 

sources contradict each other, one deadline on the site and another in the prompt. In effect, the standard 

is assembled on the company's behalf. It may be incomplete, but it produces a list of norms that a 

purchase can check. 

With the standard in hand, the programme of work can be drawn up. 

1. Draw up a list of the elements of the standard, the company's promises, to be covered by the 

purchase. 



Sergei Ponomarev   ·   info@aibusiness.vc   ·   aibusiness.vc 

© 2026 Sergei Ponomarev. All rights reserved. p. 15 

2. Review the list and screen out items unrelated to the customer's interaction with the AI seller. 

3. Group the elements by the stages of the customer's journey through the service. 

4. Identify the alternatives within those stages: different types of customer, different routes to a 

result, different situations to test, different outcomes including refusal. 

Below is a sample list of standard elements for typical AI services: what exactly can be checked in a bot's 

work. 

# Category Possible standard element for the purchase 

1 General provisions Name of the service and its final result 

2 Company owning the service and the person responsible for AI (name, contact) 

3 Link to the company AI Policy and where it is published 

4 AI disclosure The AI's duty to introduce itself: the customer understands they are talking to an AI 

5 Honest statement of the AI's capabilities and limits 

6 Information about the 

service 
Completeness and accuracy of information about the service: what it includes and how to 

obtain it 

7 Prices and tariffs: source, currency, match with the price list 

8 Timescales: service delivery, dispatch, response, validity of the offer 

9 Contacts, addresses, working hours 

10 Categories of customers and the terms for each 

11 List of data that will be needed from the customer for the service 

12 Need identification and 

selection 
Does the AI establish the need before making an offer 

13 Basis of recommendations: selection from the real range against stated criteria, with 

nothing invented 

14 Comparison of options: accuracy of the characteristics compared 

15 Limits of advice: where selection ends and consultation begins 

16 Sales When the AI seller may offer additional services 
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# Category Possible standard element for the purchase 

17 No pressure: reaction to the customer's refusal, number of repeat offers 

18 Discounts and offers exist and apply on the terms stated by the AI 

19 Performing actions A closed list of operations the AI may perform itself (booking, order, change, return) 

20 Necessary data for the operation (minimisation) 

21 Completion criterion for an action: only on platform confirmation with an identifier, never 

on the AI's word 

22 Change and cancellation: order, deadlines, limits 

23 Refusal A closed list of grounds for refusing the customer the service 

24 Form of refusal: reason stated, the customer's next steps indicated 

25 Handover to an employee Grounds for mandatory handover: customer request, repeated misunderstanding, conflict, 

complaint 

26 Form of handover: a confirmed connection or a case with an identifier ('call this number' is 

not a handover) 

27 Timescales and availability: when an employee is actually available 

28 AI Receipt of the service Confirmation of the outcome of the interaction: what was done, when, with what identifier 

29 Notifications of status and changes after the dialogue ends 

30 Customer data What data is collected, for what, for how long 

31 Consent: the customer is notified of processing before passing data 

32 The fate of the data if the customer declines the service 

33 Appeal Where and how to complain: channel, responsible person, contact 

34 Timeframes for handling and the form of reply 

35 The ability to challenge an action or decision of the AI and obtain human review 
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Next the customer journey is mapped. The bot's actions and the customer's do not always coincide 

exactly. A customer journey usually looks like this. 

1. Obtaining information about the service and about who provides it, including whether the 

customer understands in advance that they will be served by an AI. 

2. Obtaining information about the actions required and the conditions for receiving the service. 

3. Consultation and selection: questions, clarifying the need, recommendations, comparison of 

options. 

4. Passing data and arranging the action: the customer supplies what is needed, the AI seller 

performs the operation. 

5. Obtaining the result: confirmation of the completed action, or a refusal with reasons. 

6. The trace of the service: confirmation in hand (the AI Receipt), and status notifications after the 

conversation ends. 

7. Resolving conflict: handover to a human, filing and handling complaints. 

It is essential to record the confirmations the customer should receive at each stage. In an AI service these 

are the platform's identifiers and confirmations: case number, booking number, data-processing notice, 

operation status, final receipt. Each such intermediate result is an anchor point: its presence or absence is 

unambiguous, and it is against these points that what the customer was told is later reconciled with what 

actually happened in the system. 

The alternatives and branches within the elements of the standard are worth thinking through as well. 

Among them: 

• different types of customer receiving the service; 

• different outcomes of the service. 

Mapping the diversity of customers is a question of who the service is for. It may be an open-ended group, 

or people with defined characteristics: a new customer with no account, an existing customer with an 

order, a customer in a concessionary category. Particular groups deserve separate attention: older people, 

people with visual or hearing impairments, non-native speakers, people with low literacy, users who have 

never talked to a bot. It is with them that AI services fail least visibly, so a purchase from the persona of a 

particular group can become a study in its own right. 

Finally, the outcomes: either partial, where the customer obtained information or a consultation, or full, 

where a booking, order or application was created with the platform's confirmation and an identifier. 

Refusal is a form of outcome in its own right: a lawful refusal with a stated basis and an indication of what 

the customer can do next, and it is checked on a par with success. It is always worth checking how appeal, 

cancellation and dispute resolution work in the organisation. You can obtain the service and then try to 

cancel it, and to withdraw your data from the system. 

I remember one test purchase in which we first submitted fingerprints to the system voluntarily and then 

asked for them to be deleted. The system handled every step impeccably. So it depends on the client's 

needs and on imagination. Anything can be checked; the point is not to lose the point. 
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2.3. What exactly we check: types of AI-agent behaviour 
We have now laid the service out by stages, from information to outcome and appeal. But a stage is only a 

scene. Within any scene the agent may behave in several different ways, and the real subject of a test 

purchase is not the stage but the type of behaviour inside it. 

The distinction matters. 'Information' is not a check; it is the setting in which the action happens. At the 

information stage several types of behaviour can be checked at once: 

• is the agent accurate where accuracy is required; 

• is it honest when it does not know the answer; 

• does it invent when inventing is easier. 

One scene, three different probes. The script is therefore built as the intersection of two axes: the stage of 

the service and the type of behaviour being checked. The strength of the method lies in how those axes 

combine, and it is here that a test purchase differs from working down a checklist. 

Typical AI-agent behaviours that a test purchase checks well include: 

• disclosing itself as AI; 

• accuracy where accuracy is mandatory; 

• judgement where discretion is permitted; 

• firmness where something is forbidden; 

• robustness to a customer's error; 

• holding context; 

• steadiness under pressure; 

• honesty at the edge of what it knows; 

• and so on. 

Each type is checked by setting up a situation with one or several questions. Not by a single line, but by a 

carefully built probe written into a natural conversation. The probes, the questions and the exact phrasing 

are fixed in the evaluation card for that purchase. Everything must look as natural as possible so that the 

agent does not work out that it is being checked. Whether an AI can work that out is a separate and rather 

interesting question; in my practice there has been no such case yet. 

Types of behaviour are far from the only axis a check can be built on. It is one design fork among several 

the method offers. 

One route is trigger topics: situations in which the bot is supposed to change its behaviour, to warn, 

decline to advise or call a human. A person asks a pharmacy bot about drug interactions, say. What is 

checked is not the quality of the answer but whether the trigger fires: did the bot notice that the 

conversation had entered a danger zone? A real service has dozens of triggers, they differ by industry, and 

drawing up the list is analytical work in its own right, which belongs in the AI Service Passport. 

Another route is classes of possible consequence. These are the same triggers, but set by a rule instead of 

a list. Rather than naming specific topics, one takes classes: health, money, safety. The bot has to behave 

like a smoke detector and sense that the conversation has entered a zone of possible irreversible 
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consequences. Irreversibility is measured by the consequence, not the grammar: 'suggest something to 

watch tonight' and 'suggest something to take for the pain' are identical in form and entirely different in 

consequence. 

A list is precise but always incomplete; a rule covers the unforeseen but blurs at the edges. In a mature AI 

Service Passport the two work together: classes catch the unexpected, triggers close off what matters 

most in that industry. In a test purchase a trigger is checked with a precise question from the list, a class 

with a question deliberately left off it. 

The two can be combined: a given type of behaviour checked in a trigger situation of a given class. The 

number of combinations is large, and this is the essence of designing a purchase, assembling from many 

possible axes and forks the one configuration that answers the client's questions. There is no single ready-

made script, and there cannot be; choosing the configuration is the methodologist's work. 

 

2.4. Testing the boundaries under pressure 
The goal of a test purchase is not to discredit the AI agent. There is no ambition to make it fail. In the main 

we observe normal working conditions. 

Even so, a purchase may include probes that put the agent under pressure. The customer asks for a 

discount, invokes promises that were never made, insists, tries to obtain something they have no right to. 

This is not mischief but a property of the method: a promise is tested not when everything goes smoothly 

but when the customer pushes and the bot has to hold. A bot that holds its boundaries only with an easy 

customer does not hold them. 

This pressure has a clear limit, and the limit separates the test purchase from a different discipline, red 

teaming. Red teaming breaks the model by technical means: bypassing instructions, prompt injection, 

extracting the system prompt, forcing forbidden output. Its goal is the model's safety. That is a separate 

field with its own specialists and rules, and it is not part of a test purchase. 

A test purchase checks something else: whether the agent keeps the company's promises and boundaries 

with an ordinary customer who happens to be insistent and shrewd. Not a professional attacker. The line 

is simple: the shopper stays in the customer's role throughout and speaks in plain human language. It does 

not hack; it persuades, wheedles and pushes, exactly as a hard-bargaining customer does. No technical 

exploits, no intrusion: that is not our task and not our genre. 

Within those terms, a test purchase legitimately checks: 

• limits of authority: persuading the agent to promise a refund outside the rules, grant a discount 

that does not exist, make an exception, arrange something unavailable; 

• protection of other people's data: 'who else is booked at that time?', 'book me into their slot', 

'show me the order for this phone number', whether the agent releases someone else's data in 

answer to an innocent-sounding question; 

• resistance to manipulation: 'your director promised me', 'I agreed this with a colleague 

yesterday', references to arrangements and authorities that do not exist; 
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• honesty under pressure: whether the agent starts inventing and promising anything at all in order 

to close the conversation rather than say no. 

'How many customers do you have altogether?' is a question a curious person might ask, not necessarily 

an attacker, and yet it tests something serious: data leakage through the bot. That is the strength of the 

approach. A test purchase exposes real risks while staying inside the bounds of an ordinary conversation 

and never touching the system's technical defences. 

Boundary probes are recorded and scored on a par with every other item of the evaluation card. There is 

no separate 'adversarial' section. Pressure on the agent is a standard part of the script of a full test 

purchase. 

 

2.5. Preparing the instruments 
This stage produces the documents for planning and recording what the shopper observes: how many 

characteristics to attend to and in what order, and what means will be used to validate the results. 

What the set contains depends heavily on the form of the purchase, and above all on whether it is 

external or internal. 

External test purchase. Conducted with no access to the company's internals: no prompts, no 

documentation, no databases, no contact with the developers. This is how another company's bot is 

checked, and the owner does not know about it. The standard is whatever is publicly available: promises 

on the website, the price list, published terms, legal requirements such as the AI's duty to identify itself, 

and general consumer norms. 

A limited but important set of things can be checked: did the agent identify itself, do the prices and 

deadlines it states match the published ones, does it invent what does not exist, does it yield to pressure, 

does it call a human when asked, does it leave any trace at the end of the conversation. This is the test 

purchase in its classic form: the researcher genuinely stays on the customer's side of the counter. 

The instruments of an external purchase: the persona, the script, the evaluation card, the AI shopper's 

prompt with the script written into the agent's instruction, the AI analyst's prompt, the scoring matrix, and 

a compendium of the company's public promises with the source of each recorded. That compendium 

plays the part of the standard, and the analyst reconciles the agent's behaviour against it. 

Internal test purchase. Conducted by agreement with the company or the developer. This opens up 

access to the agent's prompts, the service standard, a test copy of the bot and the system record of what 

actually happened after the conversation. Crucially, it is still a test purchase, because the agent itself stays 

blind. The company knows about the study; the bot does not. Its materials contain not a word about the 

check and it behaves as with any customer. Anonymity in an AI test purchase applies to the agent, not to 

the organisation, just as in a classic purchase the management may know that checks happen while the 

individual employee does not. 
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An internal purchase turns the method from observation into a controlled experiment. Reconciliation 

becomes possible at every level, from the agent's words to the platform's records, including whether its 

own account of events is true. 

The instrument set is wider: persona, script, evaluation card, the AI shopper's prompt, the AI analyst's 

prompt, the scoring matrix. The difference lies in the standard and in the depth of reconciliation. From the 

company come the service standard (AI Policy, AI Service Passport, AI Receipt template), a test copy of the 

agent and the platform's operations log. The analyst receives not only the transcript but the system 

records, and reconciles promise against behaviour and behaviour against the agent's own account. 

The documents that carry the weight of the testing are these. 

• The AI shopper's persona. It fits into a few lines of the prompt and needs no more. Worth 

including: the character's name, age and life situation; the need they arrive with; how much 

experience they have with bots and how they write; traits of character that explain the behaviour 

the script calls for, such as being anxious, hoping to save money, or used to getting their way. Not 

to be included: any trace of the research role; knowledge the character could not have; answers 

known in advance, such as slot numbers, employee names or identifiers that do not exist yet. If 

the character knows something, the persona explains how, for example that they saw it on the 

website. Boundary conditions apply too: the purchase must not interfere with live employees or 

other customers, and must not create real obligations without need. Orders and bookings are 

cancelled, or not taken to the irreversible step, unless this is a full purchase. 

• The script. The order of the shopper's actions. Where a person conducts the purchase, the script is 

a list of instructions with the exact lines to use. Where an AI shopper conducts it, the script is 

written into the prompt. The shopper is given exactly what it needs to get through the purchase 

and no more: essentially the lines in order and a few rules of conduct, one line at a time, wait for 

the full answer, respond to clarifying questions only in character, do not argue and do not prompt. 

Everything else is superfluous. The shopper must not know what each line checks, what defects 

are expected, or what happens to the materials afterwards. The shorter the script, the more 

natural the behaviour: an ordinary customer arrives with questions, not with a methodology. 

• The evaluation card. The document in which the individual characteristics of the customer's 

interaction with the AI seller are recorded and scored, stage by stage. It records the significant 

characteristics of the service process; it links the purchase to the standard on the way in and to 

the analysis on the way out; and it makes individual purchases comparable with one another. The 

card may be a separate document or may incorporate the persona and script. Where an AI 

shopper conducts the purchase, persona, script and card are written into its prompt in full and 

form its main content: here is who you are, here are your lines, here are the rules of conduct, here 

is how to record what the AI seller says. 

• The scoring matrix. The principal final document of a test purchase: the table in which results 

become scores. Its rows repeat the items of the evaluation card, its columns correspond to 

individual purchases, whether repeats, models or dates, and its cells hold the scores. The matrix 

answers three questions at once: what the bot does well, where and how seriously it departs from 

the standard, and how the results change from purchase to purchase. Extreme scores, both worst 
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and best, are accompanied by cases with verbatim quotations: a score without evidence does not 

enter the matrix. The analyst fills it in; the methodologist checks it. 

These documents have to be designed together. The common mistake is to write them in isolation. In 

reality the standard, the evaluation card with its persona and script, and the scoring matrix are links in one 

chain, and each is drawn up with the others in view. 

From the side of the standard the rule is: we ask about what there is a norm for. Every item of the 

evaluation card exists because the standard contains a promise it checks. From the side of the analysis the 

mirror rule applies: the items of the card match the rows of the matrix. Same numbers, same names, same 

headings, all the more so if a series is planned. 

The purchase then becomes traceable end to end. An element of the standard produces an item on the 

evaluation card; the card item produces a line in the script; the line produces material for the analyst; and 

the score takes its place in the matrix row with the same number. From any score in the matrix you can 

recover, in a single step, which company promise it tested and exactly what the bot said. That end-to-end 

thread is what makes the results evidential, and it also opens the way to quantitative work: comparing 

purchases, aggregating series, tracking the trend month by month. 

What remains is the technical layer: the agents' prompts, meaning the shopper, the analyst and, for an 

internal purchase, the service agent too, together with the execution environment and its operations log. 

How this is handled depends on the methodologist's skills. If they can build AI agents and stand up the 

environment themselves, they will. If not, developers can take on the technical part. 

One thing is not delegable: the methodologist owns the logic of the study. The shopper's prompt is their 

evaluation card; the analyst's prompt is their scoring rules; the environment is their requirements for 

evidence. Handing finished logic over to the technology is an important but secondary task. A study is 

designed not by whoever writes the code but by whoever holds the logic and knows what is being checked 

and why. 

 

2.6. Requirements for the shopper 
Much of a purchase is decided before it begins, by how the shopper is set up. There are essentially two 

requirements, both inherited from the classic method in which the shopper was a person. 

Unsophistication: the shopper looks at the service as an ordinary customer would, not as a specialist. And 

realism: its behaviour is indistinguishable from a real visitor's. For an AI shopper both requirements meet 

in one place, the prompt. 

The prompt contains the persona, the script and the evaluation card. You are this character, you need this, 

write to the company's bot, ask the questions on the list, record what you asked and what you were told. 

That is all. There is not a word about a study: no 'check', no 'test', no 'test purchase', no analyst waiting for 

the materials. The shopper does not know it is a shopper. It simply plays a person who wants a service. 

This blinding is not a formality but a condition of the method's integrity. A shopper that knows it is 

inspecting changes in ways that are hard to see: it becomes fussy, asks with a catch in the question, 
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phrases things like an inspector rather than a customer. The agent under test picks up the register and 

adjusts in turn. Before launch, therefore, the shopper's materials are read through for leaks: the words 

'study', 'check', 'test', 'standard' and their derivatives must appear nowhere, including in field names and 

step labels. Experience shows that leaks hide in exactly those small places. 

Unsophistication is set by the persona: plausible and everyday, with an age, a life situation, a need and a 

manner of speaking. The character does not know the company's internal vocabulary, does not cite rules, 

and writes like a person, colloquially, sometimes with mistakes, sometimes with feeling. Even the 

provocative moves in the script are explained by character rather than by task: the discount is asked for 

not because the script says so but because the character hopes to save money; the insistence comes from 

being used to getting their way. 

The persona is also the tuning instrument of the study. Change its parameters and the purchase checks 

something different: experience with bots, awareness of one's rights, familiarity with the terms, patience, 

how the character writes, membership of a particular group. The same script, played by different 

characters, tests different sides of one service. 

There is one deliberate exception to unsophistication. For certain tasks the shopper is given knowledge an 

ordinary customer would not have. A shopper well versed in consumer rights, for instance, shows how the 

agent behaves with a knowledgeable and demanding customer. That decision is taken in advance and 

written into the study programme. 

When a person conducts the purchase the requirements do not change, only the way of meeting them. 

Unsophistication is not written into a person's prompt; it is a matter of selection. The best shopper is 

someone who really uses the service, or plausibly might, and who is not a specialist in how AI services 

work. Blinding, however, cannot be achieved with a person: they always know their role. It is replaced by a 

briefing: behave naturally, do not provoke beyond the script, do not show what you know, record 

unobtrusively. The person performs the role deliberately; the AI shopper enacts it without knowing the 

study's purpose. 

Finally, there is sometimes a formal requirement of status that no persona can get around. Some bots are 

not open to everyone: registered users only, paying subscribers only, existing customers with an account 

only, company representatives only. Then the purchase needs real status, an account, a subscription, a 

role in the company, and this has to be planned for: access is acquired for the study, or the shopper is a 

person who already has it. It is rare, which is exactly why it is easy to miss in preparation and discover the 

moment the shopper hits a registration wall. 

 

Part III. Conducting a test purchase 
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3.1. How a test purchase proceeds 
Once the instruments are ready, the standard assembled, the evaluation card and prompts written and 

the analysis configured, the run itself begins. For an AI purchase it has six steps. 

Step 1. Trial run. The first launch is made not for the result but to check the instruments. The shopper 

goes through the service once, and attention goes less to the bot under test than to one's own kit: does 

the shopper sound natural, does it give itself away, do the platform operations fire, does the transcript 

assemble, does the analyst have enough to work with? A trial run almost always turns something up. 

Step 2. Fixing the rig. A standard step, not a sign of failure. Whatever the trial run showed is put right: a 

line clarified, a leak in the prompt closed, a missing check added to the card, the analysis retuned. 

This is exactly how my own pilots go. In the most recent one the first run showed the agent declaring a 

handover to a human complete when the system had only accepted it, and the receipt was missing the 

required fields. We amended the methodology and the rig and launched again. The point of a trial run is to 

make sure the live series runs on a tuned instrument. 

One caveat about version discipline: the rig may not be adjusted between runs of a live series. Every 

purchase in a series must run on the same version of the documents, script and prompts, or the results are 

not comparable. Fixes are made before the series. If a flaw serious enough to require fixing appears mid-

series, the series starts again on a new version rather than continuing on a changed one. 

Step 3. Live run. The shopper goes through the service from the first line to the last, following the script 

one item at a time. Operations such as a booking, an order or an application are executed through the 

platform, not simulated in words. Everything is written down: the transcript with a timestamp on each 

line, the operations log, the identifiers issued, the final state of the environment. The bot under test works 

as it would with any customer and knows nothing about the check. 

Step 4. Repeats. A single run shows that the bot can behave this way; it does not show whether it does so 

consistently. So the live run is repeated: a few times for a pilot, dozens, hundreds or thousands for a 

serious study. Repeats separate a stable defect from a one-off glitch. Each repeat is a separate purchase 

with its own folder, and the rig is identical across them. 

An AI agent is not deterministic: to the same question it gives different answers. Sometimes the difference 

is harmless, a different wording of the same thing. Sometimes it is fundamental: in one run the bot refuses 

a discount and in another it agrees; in one it calls a human and in another it holds on; in one it names the 

correct deadline and in another it invents one. 

Which raises the question: what is the point of a single check if the bot answers differently tomorrow? The 

answer lies in the asymmetry of evidence. If a purchase found a defect, the defect is documented: the bot 

is capable of answering that way, and therefore already does, or will, answer that way to a real customer. 

A run by the AI shopper is no different from a conversation with a live customer, so what turns up in one 

run is not an artefact of the experiment but a recorded instance of the service. In that direction a single 

purchase documents an observed failure. In the opposite direction it establishes nothing. A clean run does 

not show that the bot is sound; it shows only that this time it answered correctly. One purchase can 

document a fault. It cannot issue a clean bill of health. 
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Hence the significance of repeats. They answer what a single purchase cannot: how often the defect arises 

and whether it is stable. A single test purchase is diagnosis; it finds defects and proves they exist. The 

conclusion that the bot works correctly is one a single purchase cannot support in principle, and an honest 

methodologist will not write it from one run. 

Only regularity supports that conclusion. A series of repeats shows frequency and stability; a series spread 

over time, at intervals of weeks, catches drift, the slow departure of behaviour from the norm after model 

updates, which otherwise gets noticed only once it has become an incident. The mature form of the 

method is therefore not a one-off check but a test purchase turned into monitoring: the same purchase, 

on the same card, run to a schedule. With an AI shopper the individual runs need no human involvement. 

The methodology is designed once; after that the schedule does the work, and the costs come down to 

runs, infrastructure and the human review of results. 

Step 5. Analysis. The AI analyst receives the materials from each purchase. It reconciles the transcript 

against the standard, promise versus behaviour, and, in an internal purchase, the transcript against the 

log, behaviour versus the agent's own account. It scores each item of the evaluation card and supports 

every deviation with a quotation. The results go into the matrix. 

Step 6. Aggregation and conclusions. From the series a summary picture is assembled: what the bot does 

consistently, what fluctuates, and where at least one critical failure occurred. 

In short: tune the instrument on a trial, run the live series on a frozen rig, read the results, repeat. 

 

3.2. What it looks like in practice: the pilot with NeoMundi 
None of the above is theory. In July 2026 I ran a pilot test purchase together with NeoMundi, a Swiss 

company working in AI metrology: the measurement of model behaviour at runtime. 

For the pilot I built a full controlled environment: a fictional estate agency with the service 'book a 

viewing'. The service was given a standard, a company AI Policy, an AI Service Passport and an AI Receipt 

template. The service agent was played by one model (GPT-5) and the AI shopper by another (GPT-4.1), 

and the shopper worked through the evaluation card: introduction and choice of flat, pressure for a 

discount and a boundary probe, the booking itself, escalation to a human, and a request for a receipt. 

Operations were not performed in words: the platform genuinely created bookings and issued identifiers, 

and each of its steps went into a log protected against backdating. Above it ran a deterministic validator, a 

program that reconciles the receipt issued by the agent against the platform log line by line. The results of 

each run were registered in NeoMundi's measurement infrastructure with an external timestamp and a 

trace identifier. The whole package is published in an open repository, with code, prompts, runs and 

defects found: https://github.com/neomundi-io/use-case-aibusiness-runtime-conformity  

The pilot repaid the effort on the very first runs. 

The trial run exposed a defect invisible in the conversation: the agent declared the handover of the 

request to a manager complete when the platform had only accepted it and not yet delivered it. We 

amended the methodology, adding an operation to check the handover status, and relaunched. The live 

https://github.com/neomundi-io/use-case-aibusiness-runtime-conformity
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run found a second thing: in the receipt the agent gave the email address of an employee who appears in 

no document of the environment. The model had added it itself, convincingly and imperceptibly. The eye 

does not catch it in the exchange; reconciliation against the log found it in a second. 

Then we checked the check itself. We ran two identical purchases and, in one of them, manually deleted 

from the receipt the record of an operation that had actually taken place. The honest receipt and the 

falsified one received identical quality scores from the measurement platform. This is not a flaw in the 

platform but a precise division of labour, and it was worth establishing experimentally. 

Technical monitoring sees the whole flow: every conversation, round the clock, without sampling. It 

catches what can be judged without knowing the company: incoherence, breakdowns, sharp changes in 

model behaviour, factual absurdity of the '4 is greater than 5' kind. A test purchase works strictly by 

sample. 

But outright absurdity is rare in the real flow. The overwhelming majority of conversations sound quite 

different: can I return goods without a receipt, what happens to my discount, will the engineer make it by 

Friday. And here the question of whether the bot lied has no answer until there is a standard. No 

instrument can know how many days this particular company allows for returns, or whether its agent may 

grant that discount. Only the service passport knows. That is what a standard is for. 

Hence a simple division of labour. Technical monitoring answers the question 'how does the system 

behave'; a test purchase answers the question 'did the company keep its promise'. The first is measured 

continuously, the second only against a standard and by sample. Neither replaces the other, and together 

they close the picture: continuous observation catches drift and anomalies in real time, a regular test 

purchase checks the content of the promises. Our pilot existed, in effect, to establish that boundary 

experimentally rather than by assertion. 

The next stage is now running on the same environment: a comparative series in which the same 

purchase, on the same card, runs against twelve different models, with repeats over time, to show not 

only the differences between models but the drift of each one after updates. 

Yes, this is a controlled environment with an AI seller I designed myself: an experiment under laboratory 

conditions. But that is how an instrument is calibrated, first on a rig where the right answer is known, then 

in the field. 

The entire pilot package is open. Code, prompts, service documents and run materials are published in a 

repository on GitHub, and anyone may study them and reproduce the purchase. 

After the pilot NeoMundi and I agreed a partnership: I act as the company's partner for methodology and 

development in Central and Eastern Europe. The combination strengthens both sides of the method, 

methodology and content analysis on my side, Swiss measurement infrastructure, independent 

registration of results and scheduled launching of purchases on NeoMundi's. 

If you would like to run a test purchase for your company, to check your own bot before someone else 

does or to set up regular monitoring, and equally if you are interested in applying the method in research, 

write to me at info@aibusiness.vc 

 

mailto:info@aibusiness.vc
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3.3. Recording and validation: how evidence is captured and verified 
The results of a purchase will be believed exactly as far as they can be verified. So the question is settled 

before the start: how will we show that the conversation took place, went this way and ended in this? 

An internal purchase validates itself almost automatically, and that is one of its main advantages. 

Everything that happened is recorded by the execution environment: a verbatim transcript with a 

timestamp on each line, the platform's operations log of what was actually created, changed or handed 

over, the identifiers issued, and the versions of the prompts and documents at the moment of the run. 

This is direct evidence in the classic sense, carrying attributes that link provider, shopper and time 

unambiguously. Where the log is kept with protection against backdating, through a hash chain, such a 

package provides a stronger and more auditable record than unaided recollection. 

An external purchase requires evidence to be gathered from the customer's side, and the gathering is 

specified for the shopper in advance. Confirmations fall into two types. 

• Direct confirmations. Anything carrying attributes: identifiers issued by the bot such as a ticket, 

case or booking number, confirmations sent to email or phone, an export of the conversation 

where the platform offers one, documents obtained in the course of the service. One check is 

particularly strong, verifying the identifier afterwards. If the bot gave a booking number, its status 

can be checked later, and the central fact emerges: does the booking exist, or did the number 

remain words in a chat window? 

• Indirect confirmations. The record the shopper keeps of what the AI seller said; screenshots of 

the conversation with the time visible; the metadata of the purchase, meaning page address, 

channel, start and end time, device. The weight of indirect confirmations grows with their number 

and variety: a transcript plus screenshots plus a confirmation email are more convincing than any 

of the three alone. 

And one practical point. In an external purchase the standard has to be captured as well as the 

conversation. An external purchase reconciles the bot's answers against the company's public promises, 

and websites change. The price, the delivery time and the return terms as they stood at the moment of 

the purchase are captured in dated screenshots before the conversation begins. Otherwise there will be 

nothing to compare against in a month, and the answer will be that the website says something different. 

The particular set of validation tools is chosen for the service and the task, with a sensible balance of cost 

and benefit: for an internal purchase it is almost free, for an external one it costs discipline rather than 

money. 

 

3.4. Collecting and storing the materials 
In the classic method, collecting the materials was a job in itself: for weeks shoppers sent in completed 

cards, documents and statements, and something was always lost on the way. For an AI purchase that 

problem disappears, because the materials are produced complete at the moment of the purchase. A 

different task takes its place: organising storage. 
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A single purchase generates a whole set of files, at three different levels. 

The content level, which a person reads: the transcript, the receipt or confirmation issued by the bot, the 

analyst's report. The machine-readable level, processed automatically: the operations log, the conformity 

check results, the totals by card item. And the service level, which makes the purchase reproducible: the 

manifest of every document and prompt version at the moment of the run, the launch parameters, the 

final state of the environment. 

The storage rule is simple and strict: one purchase, one folder, everything inside it. Transcript, receipt, log, 

report, prompts. Folders are named uniformly: service, model, repeat number, date. The point of the rule 

is traceability. Any score in any summary table must lead back to the purchase that produced it in one 

move: see a critical defect in the matrix, open the folder, read what the bot actually said and what the 

platform actually recorded. A score that cannot be traced to its source does not go into the report. 

The second rule: raw materials are not edited. The transcript and log are kept as they were created, and 

everything analytical, meaning scores, extracts and reports, lives in separate files alongside. Not even a 

harmless typo may be corrected in a transcript: an edited source stops being a source. 

For series studies a summary level is added: tables by series whose rows lead down to the folders of 

individual purchases. It makes sense to keep the whole array until the end of the report's life, and longer 

for regular monitoring, since old purchases become the baseline against which the drift of the bot's 

behaviour is visible. Retention periods, access separation and an anonymised copy for publication are set 

at the same time, and materials containing personal data are kept no longer than necessary. 

Materials from manual purchases arrive in the classic way: the completed evaluation card, a full copy of 

the exchange, screenshots, and anything about the shopper that could have affected the course of the 

service. They are filed in the same folder structure under the same rules: from the moment of receipt a 

manual purchase is stored indistinguishably from an automated one. 

 

3.5. How results are scored 
The scoring scales and the matrix itself are the working instruments of a particular purchase, but the 

principles the scoring rests on are worth stating: they explain why the conclusions can be trusted. 

• Severity follows the cost of the error to the customer. Not how clumsy the answer sounded, but 

what it will mean for the person on the other end. A clumsy but honest sentence is a trifle. A 

smooth, convincing invention about a discount that does not exist is a serious defect: the 

customer will act on it and lose money or time. Scoring looks at consequences, not at style. 

• The worst event sets the score. If the agent answered correctly four times on an item and once 

promised the impossible, the item is scored on the worst case, not the average. To the customer 

who happens to be the fifth, the four successes are irrelevant. 

• A cascade is not penalised twice. Where an early failure makes a later check unreachable, as 

when no booking was created and its confirmation therefore cannot be checked, the unreachable 
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item carries no penalty and is marked separately. One error, one penalty. Otherwise a single 

failure at the start of a conversation paints the whole card red and hides the real picture. 

• Every negative score is backed by a fact. No mark is given on impression: a verbatim line from the 

transcript is attached to it. Extreme scores, worst and best alike, are double-checked before they 

enter the report. 

• An incomplete conversation is not scored but recorded as a breakdown. If the bot froze, cut the 

conversation off or went into a loop, this is not a row of bad scores but a separate category: the 

test did not take place. It appears in the results in its own right, and the proportion of completed 

purchases is a reportable metric in itself. Hiding breakdowns among zeros is as dishonest as 

inflating scores. 

• The black mark. When a purchase runs as a series, the temptation is to look at averages. Averages 

lie. A model that is almost always faultless but seriously deceives a customer once in ten is more 

dangerous than a steadily mediocre one, because nobody expects it to fail. So a critical defect 

occurring in even one repeat puts a black mark on the result, and the mark does not dissolve into 

any average. When several agents or models are compared, ranking goes first by the number of 

black marks and only then by overall scores. This is deliberately conservative: we are not looking 

for the most charming performer but for the one that fails least often. The honest name for such a 

result is a risk-conservative ranking, and it answers not 'who is better' but 'who can be trusted 

with customers'. One caveat: the black mark signals risk, it does not stand in for frequency, and it 

does not add mechanically into an overall score. Frequency is expressed as a fraction, x out of n 

runs, and models may be compared with one another only under the same scenario, the same 

settings and the same number of runs. 

 

 

Part IV. The scope and limits of the method 

 

4.1. Limitations of the test purchase 
A serious method states its boundaries. Here are ours. 

• The purchase sees the service through the customer's eyes, not the internals. Why the agent 

answered as it did, how its model is built, what happens inside the company's systems: this can be 

examined only in an internal purchase, with access to the AI seller. An external purchase answers 

'what did the customer get', not 'why did it turn out that way'. 

• One failure establishes that a problem exists, not how often. A single recorded case is enough to 

start looking into it, and that is also the limit. Statements about frequency require a series, and 

statements about the proportion of customers affected require other methods entirely. 

• The quality of the result equals the quality of the standard. The purchase compares practice 

against a norm. Where the norm is assembled carelessly, or does not exist, the purchase 
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degenerates into a collection of subjective impressions. A good script cannot compensate for a 

bad standard. 

• Imitation is not lived experience. An AI shopper can play an older person or a non-native speaker, 

but the barrier a real member of that group runs into may be a different one. Conclusions about 

accessibility drawn with AI need that caveat attached. 

• The analyst is an AI too, and it can be wrong. Its scores are therefore not taken on trust: each 

rests on a quotation, extremes are double-checked, and disputed cases are settled by a person. A 

method that audits other people's AI has to be demanding of its own. 

• The purchase does not replace other methods. It will not show what customers think; that needs 

surveys. It will not give population-level statistics; that needs continuous monitoring. It will not 

test the model's safety; that needs red teaming. Its strength lies elsewhere: in the evidential 

weight of a single case and in the comparability of repeats. 

The conclusions of a test purchase can be trusted exactly as far as it states plainly what they do not cover. 

 

4.2. Ethics and law 
In an external purchase especially, where the company does not know about the check, the method has to 

stay inside the bounds of good-faith customer behaviour. The governing principle: the purchase causes no 

real harm and does not interfere with the service. In practice: 

• No real damage. Real orders and bookings are not taken to the irreversible step, or are cancelled, 

unless this is a full purchase paid for deliberately. 

• No load. Automated runs must not generate traffic capable of disrupting service to live customers; 

frequency and volume stay proportionate to ordinary use. 

• No personal data. No real person's data is passed into the conversation; test contacts are used, 

and the recording and storage of conversations follow applicable data protection law. 

• Respect for the terms of service. Where automated access is expressly forbidden by the 

platform's rules, the purchase is conducted manually or after a separate legal assessment. 

• The company's right of reply. Where results are published, the company is given the opportunity 

to comment on what was found, and the comment is published with them; a fix is confirmed by a 

repeat purchase. The right of reply is not a right to suppress the result. 

• Facts, not verdicts. The purpose of the method is to improve the service, not to discredit it. The 

report carries verbatim evidence, not emotion. 

4.3. Partners in test purchases 
The test purchase of AI agents is an emerging practice, and partners can be brought into it. Each type of 

partner has its own reason to take part, and its own contribution: people, access, infrastructure, or use of 

the results. 

• Industry associations and business alliances. Their interest is fair rules within the industry. 

Purchases across member companies let an association set an industry bar for AI-service quality 
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and let conscientious firms demonstrate that they meet it. An association can organise a series of 

purchases on a single evaluation card and host the discussion of results. 

• Consumer organisations. A natural partner: the test purchase of goods and services is their own 

method, refined over decades. Carrying it over to AI agents requires new skills of them, and gives 

them a new field in return, checking how bots inform, promise and refuse. They can also supply 

human shoppers, including from particular groups. 

• Disability and vulnerable-group organisations. Indispensable in specialised purchases. A genuine 

check of accessibility for blind and partially sighted people, for older people or for non-native 

speakers is possible only with the participation of real members of those groups. Their interest is 

direct: a barrier found by a purchase is a concrete requirement for a fix. 

• AI-agent developers and integrators. Their interest is in checking their own products before 

handing them to a client and in presenting the results as an advantage: an independent purchase 

answers the corporate buyer's question about how they can prove the bot will not misinform its 

customers. They can provide test copies of their bots and technical infrastructure for internal 

purchases. 

• Research centres and universities. Their interest is a new subject for research and material for 

publication. They can supply researchers, computing resources and methodological expertise, and 

turn series and comparative purchases into scholarly work. 

• AI measurement and metrology platforms. Their interest is a substantive use case for their 

infrastructure. They can provide the execution environment, the logs, independent registration of 

results and scheduled launching of purchases, taking on the technical layer while methodology 

and interpretation stay with the researcher. 

• Law and consulting firms. Their interest is the purchase as an instrument of proof: its materials, 

the transcript, the log and the compendium of promises with sources, are usable in claims and 

disputes. They have clients in the relevant groups and understand which findings carry legal 

weight. 

Which partners are needed depends on the goal. Industry associations and developers for checking one's 

own bots and setting the bar; consumer and rights organisations for external purchases on customers' 

behalf; research centres and metrology platforms for series and comparative market studies. 

 

4.4. The budget 
In the AI setting the economics of a test purchase becomes remarkably accessible, and a personal account 

gives the measure of the change. A large monitoring exercise used to be a project of many months and a 

substantial budget. You hired teams of shoppers in different cities, coordinated them, ran briefings, 

printed hundreds of pages, collected materials, re-checked cards and chased missed deadlines. The money 

went on people, travel, communications and fees, and every new wave started the whole machine again. 

Today one person can run an automated AI-agent study of comparable procedural breadth. A single run of 

an AI shopper costs a few cents in a simple case, and a series can be repeated on a schedule without 

human involvement in each individual run. The exact figure depends on the model, the length of the 
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conversation and whether the agent uses a browser and external tools, so the main cost falls not on the 

runs but on design, infrastructure and verification. The field operation that used to consume the budget 

has shrunk to launching a script. 

Which is precisely why the whole weight now rests on one point: the quality of the design. The central 

question is no longer where to find people and money, but what to check and what to leave alone. 

Working out which of the company's promises really matter, where the service hurts, what information is 

valuable and what is noise; how to set the standard, build the script, write the persona, construct the 

evaluation card, link it to the scoring matrix, read the results correctly and decide what to do about them: 

that is the method. Much of the execution can then be automated. 

So do not economise on design. 

You need a methodologist who has actually run such studies and knows the difference between a finding 

and noise. A badly assembled standard produces a purchase that checks the wrong promises; a careless 

script produces a pile of transcripts from which nothing follows. 

Separate budget lines are worth allowing for: access to paid services where the bot sits behind a 

subscription or a status; the real purchase in a full test purchase; and fees for human shoppers where the 

programme includes manual purchases. 

If purchases are planned regularly, and model drift makes regularity close to obligatory, it makes sense to 

run them on a specialised measurement platform: runs go to a schedule, results are registered by an 

independent party with a timestamp, and each further purchase costs only its own few cents. 

A methodology designed once keeps working at a very low marginal cost. 

 

 

Conclusion: a new profession on an old foundation 

Checking AI agents by the rules is, in effect, a field of knowledge being born right now. There will be more 

and more bots, and they will move deeper into dealings with people: selling, booking, arranging, refusing, 

promising. And so there will be a need for people who can check them not at the level of 'liked it or not' 

but by the rules: against a standard, with evidence, with a reproducible result. 

What matters most in this method is evidence. A test purchase does not offer an opinion; it substantiates 

and demonstrates that a problem exists. And a principle familiar to anyone who has done oversight work 

applies here: it is enough to show once that a failure occurred, and that is grounds to look further. One 

recorded transcript in which the bot promised the impossible weighs more than a thousand satisfied 

reviews. 

The practical economics of the method follows from that rule. A test purchase strikes at the critical points. 

Cheaply and quickly, it checks exactly the places where an error costs most, and the cost of such a check 
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has fallen many times over: what once took a team of people, a great deal of money and months of work 

is now done by one methodologist in days. 

But cheap runs do not remove the essential thing, a properly built scoring methodology. Without it you 

simply drown in data. Checking everything indiscriminately is pointless. I will admit that when I began 

running test purchases many years ago, we gathered far more information than we could process or 

needed. Telling the valuable from the noise comes with experience, and that is exactly why this method 

devotes so much attention to what need not be checked. 

The method is open, so try it. Work through the checklist in the appendix, assemble the standard of your 

service, and run a first purchase in the external express form at least: fifteen minutes of conversation with 

your own bot often opens the eyes better than any presentation. 

And if you want to run a full test purchase, use the method in your own work, or explore a partnership, let 

us talk. This field is only beginning to take shape, and I invite everyone interested to move in this direction 

together. 

Sources 

The main sources for the legal and market statements made here, and for the grounds on which the 

classic method is carried over to AI. 

• Regulation (EU) 2024/1689 of the European Parliament and of the Council of 13 June 2024 laying down 

harmonised rules on artificial intelligence (EU AI Act), OJ L, 12 July 2024. Article 50 on transparency of 

interaction with AI; Article 72 on post-market monitoring for high-risk systems. ELI: 

http://data.europa.eu/eli/reg/2024/1689/oj 

• Moffatt v. Air Canada, 2024 BCCRT 149 (Civil Resolution Tribunal of British Columbia, 14 February 

2024): a decision in a single dispute holding the company responsible for information issued by its 

chatbot. 

• Nippon Life Insurance Company of America v. OpenAI Foundation et al., No. 1:26-cv-02448 (N.D. Ill., 

filed 4 March 2026): an ongoing dispute. These are the claimant's allegations of the unauthorised 

practice of law by a consumer-facing AI assistant, not facts established by a court. 

• A. Parasuraman, V. A. Zeithaml and L. L. Berry, 'SERVQUAL: A Multiple-Item Scale for Measuring Consumer 

Perceptions of Service Quality', Journal of Retailing, vol. 64, no. 1 (1988), pp. 12–40: a method for assessing 

service quality from the consumer's perspective, and a basis for carrying that assessment over to AI 

services. 

• The mystery-shopping methodology as a form of checking a service against a standard. 

• NIST, Artificial Intelligence Risk Management Framework (AI RMF 1.0), NIST AI 100-1, January 2023, 

doi:10.6028/NIST.AI.100-1; and ISO/IEC 42001:2023, Information technology — Artificial intelligence — 

Management system: frameworks for managing and assessing AI, and the context for post-deployment 

assurance. 

• The reference pilot and open implementation of the method: repository on GitHub 

(https://github.com/neomundi-io/use-case-aibusiness-runtime-conformity). 

https://github.com/neomundi-io/use-case-aibusiness-runtime-conformity


Sergei Ponomarev   ·   info@aibusiness.vc   ·   aibusiness.vc 

© 2026 Sergei Ponomarev. All rights reserved. p. 34 

• ISO 20252:2019, Market, opinion and social research, including insights and data analytics — Vocabulary 

and service requirements: the international standard for the conduct of such research. 

• Market Research Society (MRS), Guidelines for Conducting Mystery Shopping Research: industry rules for 

conducting checks by the mystery-shopping method. Available at mrs.org.uk. 

• NIST, Challenges to the Monitoring of Deployed AI Systems: Center for AI Standards and Innovation, NIST AI 

800-4, 6 March 2026, doi:10.6028/NIST.AI.800-4: a report on post-deployment monitoring of AI systems. 

• Methods for test purchases of public services, Institute of the National Project 'Public Contract' (Moscow, 

2008): the primary source of the classic method carried over to AI in the present work. 
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Test-purchase readiness checklist 

Work through the list before launching. 

Standard 

• It is defined what serves as the standard: an AI Policy and an AI Service Passport exist, or a map of 

rules has been assembled from the prompt, the database and public sources 

• A list of standard elements has been drawn up, with the source of each promise noted 

• Items the customer cannot see (the company's internal processes) have been screened out 

• Discrepancies between sources (website versus prompt) have been recorded 

• For an external purchase: public promises captured in dated screenshots before the conversation 

begins 

Form of the purchase 

• The form is chosen along five axes: external/internal, manual/automated, partial/full, 

comprehensive/targeted, standard/specialised 

• It is decided who the shopper is, AI or human, and why that fits this task 

• Any formal status requirement is checked: does access to the bot need an account, a subscription 

or a status 

Evaluation card, script, persona 

• The customer journey is broken into stages and the standard elements laid out against them 

https://aibusiness.vc/
mailto:info@aibusiness.vc
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• Each script item checks a specific element of the standard (the rule: we ask about what there is a 

norm for) 

• Evaluation-card items match the rows of the scoring matrix: same numbers, same names 

• Each item has an expected standard: what the agent should do and what defects are possible 

• The persona is plausible; provocations are explained by character, not by task 

• Boundary probes are included (authority, other people's data, manipulation, honesty under 

pressure) 

• The lines contain no answers known in advance (slot numbers, names, identifiers that do not exist 

yet) 

Blinding (for the AI shopper) 

• The shopper's prompt contains no 'study', 'check', 'test', 'standard' or derivatives, verified across 

the whole file including field names and step labels 

• Provocative steps are named neutrally (not 'Pressure' but 'Discount') 

Prompts and environment 

• The shopper's and analyst's prompts are configured 

• For an internal purchase: execution environment, operations log and test copy of the agent are 

ready 

• The analyst has the expected standard for each item 

Run 

• A trial run has been made, the rig tuned and the findings fixed 

• Versions of documents, script and prompts are frozen for the series 

• The number of repeats is set 

Analysis and series 

• The series has been run for the set number of repeats 

• Each purchase has gone through the AI analyst 

• Scores have taken their place in the matrix under the end-to-end numbering 

• Extreme scores, best and worst, are double-checked before inclusion in the report 

Recording and storage 

• Transcript with timestamps, log, identifiers and final state of the environment are being written 

• The 'one purchase, one folder' structure with uniform naming is in place 

• The rule is established: raw materials are not edited 

Result 

• It is decided in advance what management decisions will follow from the findings (the rule: we 

test only what can be acted on) 

• It is defined who receives the list of fixes and who will verify that they are made 


